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= f%

FERE— | HERBFEET (Probability and STatiStics) ... 3
FEIRIZ T 0 AT EEZBIE (Al EENICS) oo se e e e se e se s e e e e e 7

FERE=  ERRAATLEENASER  (Introducing Generative Al for the

HUMIGNITIES ) oottt e ees s ee et s e e sesesseatassaesessesssasaenenessessasasasaessesen 11

FEREN  £RAl  XFHEEG®ERFIEEAET ( Generative Al: Text and Image

Synthesis PrinCiples and PraCtiCe ) ...t ssss sttt ssssssssssssnns 15
FERED  REEBE (DEEP LEANMING ) oo sesssiesssssessssessssssssssssssssssssssnsens 19
FEREN | R EMIARE ( Robotic Navigation and Exploration ) ..., 22



ERIE—  WRER

BTN

R | aEAE

inlllg

T (Probability and Statistics)

FRIRZNEN : TEAA

AR AR : 92000 (fREE 200 A#AEFERRER)
FaRARAI BT

RARES © X

RES T TR

FERESRA ¢ BN 4F 14:30-17:30 3Bk £ 20:00-22:00

EREDZIE2/20 20:00-22:00 ~ 3/6 20:00-21:00 ~ 3/20 20:00-21:00 ~ 4/10
20:00-21:00 ~ 5/1 20:00-21:00 ~ 5/15 20:00-21:00 ~ 6/5 20:00-21:00 # L& =&

BRI ERE 4/17 14:30-17:30
ERSMARIE/R[E 6/12 14:30-17:30
=i FRRAIE : NTU cool =
RIEAIE

EEN e R

1. Experiments, Models, and Probabilities
1) Applying Set Theory to Probability
2) Conditional Probability
3) Independence

2. Basics of Random Variables
1) Definitions
2) Probability Mass Function (PMF)

3) Families of Discrete Random Variables
3



4) Cumulative Distribution Function (CDF)

5) Probability Density Function (PDF)

6) Families of Continuous Random Variables

3. Random Variables and Expected Value

1) Conditional Probability Mass/Density Function

2) Probability Models of Derived Random Variables

3)

4)

Variance and Standard Deviation

Expected Value of a Derived Random Variable

4. Multiple Random Variables

1)
2)
3)
4)
5)

6)

Joint Cumulative Distribution Function
Joint Probability Mass/Density Function
Marginal PMF/PDF

Functions of Two Random Variables
Conditioning by a Random Variable

Independent Random Variables

5. Sums of Random Variables

Expected Values of Sums

PDF of the Sum of Two Random Variables

Moment Generating Functions

MGF of the Sum of Independent Random Variables
Random Sums of Independent Random Variables
Central Limit Theorem

Law of Large Numbers



W\

£=EH

Probability and Stochastic Processes - A Friendly Introduction for Electrical and
Computer Engineers," Second Edition

B YRR

EEREAES

3/13

w
S~
(o))

5 3/20

3/27

4/3

4/10

4/17 14:30-17:30

4/24
i 571
12 B

SR B I 1 B B B

MR - 2E0MKE (CDF) &

BEEBES (PVF) - BARES
fl

BB S5 - MR T R PDF A
BEME

B R |

HISEME || - PEMEE Y B - IR
SRR B

#pivE

BaEofh - BEREERD M

SHyREE

RSO 2R R D ARG
%%ﬁﬁﬁ(ﬁﬁaﬂl)

20:00-22:00#% L[RI&3&EE

20:00-21:00 EF#R LR

20:00-21:00 B #R LB

20:00-21:00 B 4 L@@

20:00-21:00 B #R s



el 5/15 BEM B> - BIEERHMGE - = 20:00-21:00 EF#R LiERE

18] i 14 25 4 B2 ch SRAS R 2 7
5/22 HERAERN
5/29 (AR

6/5 iR IEE 20:00-21:00 B #R s

6/12 14:30-17:30 HARFIE

2%

R ER I

11k

P8 208 R EH(50%)  HICPIRIRERE AA(25%) « BBRIRIR TR AUA(25%)
ARIE 22K



HJH+

FERREZE"  ALEZMIE (Al Ethics)
ARt AN E R

FIRR B | RIBAE

g

IR . HIEE

AR AR : 92000 A (FRE100 A4 FRER)
FaRARAI - BT

ReReas © X

RN RETURE

Z2EBEAMNBERE . FERIR LBBRREBEERZTONE - BRBT B MIE
2 BERPHIRBLE

B =i FERISE « 88 =15:20~18:10
=R FRRIE -
AREAE

AR A AL 1L

RRESEFRBERRARBAIEERMEEBRMS RNV mE - AfREdZEE -
B - BENTBEERBEAINGRELUKER MERSE - UAE2mHESHNERH]
= ° HER - KBERBBAIRNER AR o BT EAIRTEREORR - #F - BIRTARRE
MIREARRET - WA FTS RN E M EBUAER[E - HZIh - XRE W
AIERZ BT ABREFBHE - RRALKR - MBBRETEAFE - HRIZINR
g - URSHEXRBAAHSHEEITFERE - &% - AREHSERBERHEE
AIDHZREREBMTZEFZNAITZRREITRBRRS R -

2E2EH
1. Borg, J. S., Sinnott-Armstrong, W., & Conitzer, V. (2024). Moral Al: And

How We Get There. Random House.

2. Russell, S., & Norvig, P. (2021). Chap. 1 & Chap. 27. In Artificial
intelligence: A modern approach (4th ed.). University of California, Berkeley.

3. Gabriel, I. (2020). Artificial intelligence, values, and alignment. Minds &

Machines, 30, 411-437. https://doi.org/10.1007/s11023-020-09539-2
7



https://doi.org/10.1007/s11023-020-09539-2

4, Russell, S. (2019). Chap. 7 & Chap. 10. In Human compatible: Artificial
intelligence and the problem of control. Penguin.

5. Vallor, Shannon (2016). Technology and the Virtues: A Philosophical
Guide to a Future Worth Wanting. New York, NY: Oxford University Press USA.

6. gl 4. 52558 (Kate Crawford) (2022) - £ - = & - HB (AT EEE®%
MR - BRFESE - pp. 71-108 -

7. 8. 70 5% (Taina Bucher) (2021) « 5 — UE - BB (HEREFENEE . &
BEAPIBENBCEEE ) - SEBFHSE -

8. e LT (Virginia Eubanks) (2022) - 5= - [0 - A& - 1B (&S
BE) HEBRLMWR-

9. Sl BE® (Cathy O' Neill)(2109) - — -~ +& - BB (KEBHNHIEER

R) - KELMR -

10. #E = (Yolande Strengers) &2 Hi& B (Jenny Kennedy) (2023) - £— -~ —
2. (BEET)  BGIBEABXIBUHRT -

11. [Ez 885 E# (Nick Bostrom)(2016) - 55+= -+ - + A& - &8 (BE
=) - JUEXE -

12. H1E®=(2023) - (ATEERMMmEBRRERZEARRE) - (Bx - BREd
Z) =1 - 37:167-220 -

13. HIEZ=(2024) - (AIRZBRENMERS . BEERRKAME) - Pk
(EA=mR) F=TI5E54%65%18 - B1-68 - DOL:
https://doi.org/10.7015/JEAS.202403_54(1).0001 (THCI/TSSCI)

14. HIEE(2024) - (AN IESZARZAEMER ? ATERTR/EZRS) -
(BREBAHNESE- "2, ZBERPNKRE) - AEEE LR < ISBN: 978-626-393-
008-7

ARz NA A4

WIEAE

114/2/19 ARIZHAIRR AT Al Slido, TttC



2 114/2/26 IR EAIB R HIE R G Al Slido, TttC
114/3/5 AIERIIRE D B miEEE mi2Eh - BRRER LR m1E
114/3/12 AIRRIR IR Bt R A2 - BREZ ERLRW1E
114/3/19 ALESERNMERBUA M 228 A2 - BREZ LR W1
114/3/26 ALESERNMERBUA M 228 A2 - BREZ ERLRW1E
A 114/4/2 EERER
114/4/9 AR NBEZRBH ? IR0 - BRRER LR W1E

114/4/16 HpEH

I 114/4/23 AINEZRABEZMEBETTEE . B BR2E0 BREGLRIH®HLES

2 - FRAKR
BN 114/4/30  ANSESREETAEEGERE 5 #E6  BEES LRSTHIG
B{ERTS
PN 114/5/7  AMSSEREFIAEENEEYE 8 BEN  BEES LRSS
B{RFS
114/5/14 Al EEIEIE 2 RIS BIE2E  BREAM RS HH1ED
114/5/21 ANS TR ERE BT BE2E - BRESLASHHRLE
114/5/7  BLRESBERAREET Ei1HEEREN
114/6/4  BRHEBERE SR TR BT S



AR ET T

57 BPapEl= Ao EEAI THEFER AR
No. Assessment Item Percentage Description
1 REEE FREE 30 % EA LR BA8/NBA LE
2 e SR 30% RIBAR LIRS AHE R AR AT
O s
25 15 % Take home exam 24/)\F§
4 B HEERS 25 % B ERFIBIEERIE S E
RIEFRVAITEPRE LT
B&75 -
BEHIM510% - FRERR
HEMEY 2 1515%
AR IR 2K
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FERE=  ERAATEEZNAER  (Introducing
Generative Al for the Humanities )

GYER=YNCRE]
WRBHK | EEAS
RISHEN .
BEARABL : 412000 A (IREEL00 A A BIRER)
FarARAl - BEEH RATRBBEER)
SRS PX
B RS

ERBEANBEE BREERERMR - WEMT Al BRZE - UEAERE
AL GBI R Z HEN L E -

G0 3=EE FERIERT ; 70 14:20-17:20
=Eb FRRME -
EE =

AR A AL 1L

fEEAIRRMAERS R - ABHENSEBOERRSE F ARBEEE - £z Al
MFBALIREERANBEES - FREMBEER  HEEHBEIF LUEHR AL S A
HBE D EBREL -

REREFPIEHE AN FEFHHNBELRFTH Al BAMTEABRAPIR - TABLHEER -
B—RAR LRI APINERRBTZ AR - RERBGUAXRBZOERLR - LEH
BSERR IR Al BENERARRE - TERRAXEERBENEFERE - KAl
ENXETEE BEHEE  BELALEREIFSES -

2Z2EH

ULRDZEZHXEAMBE - LUNERHEESE)
- Raschka, S. (2024). Build a Large Language Model from Scratch. Manning.
- Pai, S. (2025). Designing Large Language Model Applications: A Holistic Approach to

11



LLMs. Q" Reilly.
- Porter, L. and D. Zingaro. (2024). Learn Al-assisted Python Programming. Manning.

- BBt %e (2024). A 18 7RA /e /EZBEFIE 77 2R K N E.

AR B A

3B # EE kS

2/20 ARSI E RIREY - FAEREGoogletRsR -

2 2/27

MEMAERIERGE | IRNHES
2 (1) (Prompting LLM)

3/6

MEMLAIEEREE - RAWES
2 (2) (Prompting LLM)

3/13
FEMTNAIEIL /DR EE (RAG and
VectorDB)

1
3
) 3/20

FEMTAIEZLEREFTR (Fine-
Tune)

3/27
ERTAI /REGESRERE (1)

Embeddings explained

7 4/3 (MR)

12



ERTAI /REGESHBRIE (2)
(Transformer explained)

4/17
ERAINE S HEZELRE (1) (Speech

and Multimodal LLMs)

=

4/24
R AIRNETEAZ 2B 1E (Artistic

and Musical LLMs)

=
=

5/1 1= BY e fE FHETOR (Evaluation and

Benchmarks)

=
N

5/8
HEMFAIER () —E57F1)

(Compound Al)

5/15
HEMIAIER () —E51F(Q2)

(Compound Al)

=

5/22 FEERMER Guest lectures

=

5/29 ABHERHRER . AREEERE
#@& (Digital Avatar,
Humanoid/Alignment and Ethical
Al)

BERARERMERE

=
(o)}

6/5

1 EHEASEFSRET - BEERNSNOKERNSEANERESD - B
BEASR -

2. BB BEMOEETT -

3. BESRIHERNEY  EXRBTOERRAKNEHENELNE - WRBEA
XEEHHEEE -

4. BERASNTIRSE REEVUDE  HHBEE - SREVRATE -

13



Gl

PAERTETT T

i EBOEE 20%
BiEZREEZE 40%
HH;E—J-W%/,\ 40%

o ZESTEA RS REMAERE

4/

RRAE 22K

- MBRLEHEMESNATTEZHNRESS -

- ARBERM Nvidia RESEERRE (JFEd ) - BEEBSENER - BIRTER -
WRZARIESS 13-14 BARSHER LBREREHFIELRA R

XX

14



RN - ET Al XFEEBEBREMRIBEET
( Generative Al: Text and Image Synthesis Principles
and Practice)

BTN

FERER  BUaAE

FRIRZIEN © 2E3KAE

AR AR : 92000 A (fFRERRSER 500 A )
FIERAR AL IR ARTE (BMABIESR)

ReReAs © X

REDI - RETURE

EEmREHEISAERE BRESBERNET - HEMT Al A% - BEMHEREREZEZED
£ B3R -

@)=k FERFE - 838 16:00-19:00

7=ib FRRMIE : Facebook [BAEHZERET L]
https://facebook.com/groups/nccumathonline/

ARIEADE
AR A AEE 1L
"EIUAl L XFEEBRERNFERER | B FIREERAEEBFEBIRE  ER

HERATRREMT Al ORTEBANZEEMR - Am Al IREEEREZER &
ME AL BEFRE  TERABIRREMNT Al WERDTIEE - BEAR S BB @SR

GAN - Transformer + KEGES#EE - RAG * Al Agents -+ Diffusion Models &$1i7 - 138
FATE# OpenAl API ~ LangChain ~ HuggingFace & AutoGen %% - Bt X FE M E]

Bl EMRZIRER -

itz 2 1R

15



RAG - Al Agents - Diffusion Models % -
2. ERERRETEMMEL - A0 OpenAl API ~ LangChain - AutoGen -
HuggingFace ~ Fooocus - TZEZ &4 M0 Al FEF -
3. BRETAEMTU Al (UL S ERIEPLEL - R EEEEBEERLRIMBRAE -
4. THREARER  BESMEAR  RETUBR—EERNENRI Al 24 -

Y EL S
BEFEENARRE  EOEHBNERRIELR  FDRANEREILARER -

BERE  EWmAEH  REPRKEM Colab ETEANEF - ESERBMRRENEE - BE
= e

BREAERMBIM  RNEEFOENR AIREETR - 218 Al 8RB -

ZENERSR . REARSIAXFER - BIREM - HEEESA - Agentic Al FZ1{EE
1 -

MIBABERATE . ARERMAHE - B5IERBERI A WHEETEE - Bf ' AREEE

2Z2EH
TER LREE  HRZSZERRABRI A
RRAE B KAl

BEAE

1 2/18 ARAZTTARERE AL EL Al A AIEHREATEN - BT EEMITEN
I Al - 7148 Colab FERIE R

2 2/25 AN BTSRRI LS (=R - D

BAE )  ARREAROEE B
B ER MNIST FREEHF D18

3 3/4 EAE AR (GAN) NMAEBEREFERT Al RENERBR
#8E% (GAN) - B1f5 GAN RYERRIE -

16



3/11

3/18

3/25

4/1

4/8

4/15

4/22

=

4/29

=
N

5/6

=
w

5/13

[
S

5/20

||Ii|||
IIIill\
|||ii||
‘lllill

NFER Al ERBGES A

RNN & transformers RUE{E2 =38

AREFESHEE (LM ) WERARME

R AP B

ITEECRIHRRHSRA

BERIERER (RAG ) NIREBREF

§I\l\

nay

=113

g%

Agentic Al 2 Al Agents

BoBMmIER (VAE ) RN ERIKRE

Diffusion Models EA[E| &4 A4,

XFEE Al NREREF

Diffusion Models P& =28

17

ERNEASKE - RRTEERABEEX
ARRA

NEE Al WEARER - &23% RNN &
transformers B " 218 1 AU AIER RS
7T - K seq2seq EH - G A S E[RIE

RNN K transformers RO B2 EFEEA 20
1B EEEKEEES  EBETIENEN
RO R

ERNABESREY (LLM) - ERERA -
B fmIR & B AR

M OpenAl APl - BN RITEBC
RUSTRE R ER A

RAG WWiltE ~ ERIRREEMNES
% - BIFER LangChain 89 RAG 4%

(RERHZ RAG TEE Rl _EROFE R APk L
ftEEZ Al Agents ? &t BRE @K
Agent - T48 AutoGen HEZR3 fR 7R FEFE 3

Bl

R VAE WRIE - KRBT EEHEBERN
RE . ERABEREN Al NEZRBX

48 Diffusion Models FIRIE - BIFE NN
B2 - U-Net Z2BARRIIR SR

nTAE TR, ERBEBASEHN CLIP E
B Z20EGER A RREKERGI

Latten Diffusion Models, LoRA,
ControlNet &=



5/27 Fooocus EfEEI1EER T #aFR WebUI 222 Fooocus - £/
Stable Diffusion ZFIREE M EF2EI1E

6/3 MEBREANBAREERARSZE

PAERLETT T
FERRIESAUEREMASH/E

® FERRRE:75%

BREEHARBEERBA - BRIEFWD R/ 10 7 - BUERRERAEESHEE T
By - BREEFE N —R prompt MERSLERKENIEE - BHAERS 3D

HAIREZ: 20%

BEABA—EEM Al BREXR - RDZERMEIZER - URB\HASH - &
ERBRZSNMBARERNZE - WHREIMID -

W

ERREH 5%

FENEERE THE KESLHERE - FHLREH - SHEAWES  BEZIAZ

=.
Mo

mea " PIEF L ZHE - FEMUERERS  ABRERE=EK - L5 2EANR
& - PZEECHEMI Al LT - BREREZOUER S URENSE -

ARIE 225K
1. EfEH Google Colab EIfE&F 5 - BREIZBEELH EH R Google TR - ARERIEH

TEEEZREMES - BOUZEECAREETH -

. B FEK) I https://platform.openai.com/ & OpenAl APl & credit - F&

Z5 EEMTEEHARENTK - REPHMEZTREEMEENSER - BEH
OpenAl API CIREE LB & (FRIHB it AZ2BEAENES) -
FEEMBACLIIVEE - SEDEREE ENFR  BFEERDERERIAI ELE - B2
AOJERR - AREZEMT Al RE - ERKEESEERBE - AMEERFT - EER
B - BEMNPDEZEE N —E prompt BIBEELRIGER - BEEREFFEEAEER
Y -

18



FERERD . KEEE ( Deep Learning )
Iz AE R

FIRR B2 B EAE

FRIRZED . 223 F ~ [RKF - #F3

AR AR : #1000 A (FRERERER 100 A )
FaRARAI : PRIERTE - KU EolE(E
RARES « B’Y

RES T TR

EEBEAMBERE : &

@)=k R © [0 12:20-15:10

#=ih FRRNIE

ARIEADE
AR A AEE 1L
HEMRBREPS | ENEEENBRERESETEZRERETABRERR - FHBER
BN BBEHEERER  ATERFRESRS -

The instructor will guide students through the latest international developments in
deep learning methodologies and applications. The course will cover theoretical
principles, mathematical derivations, and practical applications. Students will gain
hands-on experience with deep learning tools.

(1) IExERERIMNEEER

(To understand the maths of deep learning techniques)
(2) ABFEEEBTHE (AW PyTorch - TensorFlow %5 )

(To familiarize with deep learning tools, such as PyTorch, TensorFlow, etc.)
(3) FREFREEERMNENERENEREH

(To understand the latest developments and applications of deep learning

19



techniques)

£=EH

1. 1. Goodfellow, Y. Bengio, and A. Courville, Deep Learning, 1st Ed.,MIT Press, Dec.
2016

2.R.S. Sutton and A. G. Barto, Reinforcement Learning: An Introduction, 2nd
edition, Nov. 2018

ARz N A A4

EE RS EEE(EAD)

1 2025-02-20 #REKREEER
(Introduction & Machine Learning
Basics)

2 2025-02-27 REMA Lab O Warm up
(Deep Networks )

3 2025-03-06 EEMLMR
(Convolutional Networks)

2025-03-13 Transformers Lab 1 CNN

5 2025-03-20 'ntroduction to Reinforcement
Learning

2025-03-27 HHEFEREEBERFHER IR B E IR B A A B
(Linear Factor Models & (Recurrent and Recursive Nets)

Autoencoders)
7 2025-04-03
(BRRER)

20



2025-04-10 Valued Based Reinforcement H BB RS
HEEITATE) (Generative Adversarial Networks)
2025-04-17 imaiam Lab 2 Discrete control (Games, e.g.,
(Diffusion Models) )
S 2025-04-24  REB(ERE
(Normalizing Flows) Lab 3 Diffusion (+ GAN)

L 2025-05-01 olicy-based Reinforcement

Learning

12 2025-05-08
Offline RL
13 2025-05-15 (HfEfER G

VS 2025-05-22 S TERERR P

18 2025-05-29  HAREE

(Final Exam)

B 2025-06-05 S TERERR P

RAEFERT
4 Labs (done individually) 80%

Final exam 20%

ARIE 225K
® You must have access to GPU equipped with at least 6GB of memory

21



FEREN | R EMEIIREK ( Robotic Navigation and
Exploration )

BTN

R BIEEAS

FIRZEN : AHEE

PARARL : 291000A ((REFRREMR 60 A)
FaRARAl  BIEEH

ReReAs © X

REDI - RETURE

Z2EBEAMBERE . E1 - B - BIRERNARESE

B i=EE FRRIE - 88— _£6:30~9:20

=i FRRAIE : BIYEEARBSEELIOHZE (RIEEL meet.google.com/wbh-
oihg-jsn)
EENEL SN

EEN e R

KFREBREADB=—ETENID - 2 HIREIRER BRI EREE(SLAM) - ERHERE

B 215518 (Scene Understand|ng)E—i?’“?LHAE’JEM’ET“%U(AcUon Control) - BNiSE
e EREES S B S HEERBAMERSIEGRER  tE3ERNEEEE ZRGB-
based#I3DSLAM % - SRIBFERIEEH @a%“%%ﬁ’]ﬁﬂi’f%m BEIREEEN
KA B B E B EE ST EI R - S{EESIMN S D R B R K REIHLEmMES
% WEABEEENEB RSB TENRRE -

Z£Z2EH

@ Richard S. Sutton and Andrew G. Barto, Reinforcement Learning: An
Introduction, Second Edition, MIT Press, Cambridge, MA, 2018

@ Sebastian Thrun, Wolfram Burgard, and Dieter Fox, Probabilistic Robotics,2005.
(Intelligent Robotics and Autonomous Agents series)

® Kevin Murphy, Machine Learning: A Probabilistic Perspective.

® Daphne Koller and Nir Friedman, Probabilistic Graphical Models: Principles and
Techniques, 1st Edition, 20009.

22



® lan Goodfellow, Yoshua Bengio and Aaron Courville: Deep Learning.

AR iE A KA

EEREAES

1 2/17 Introduction to Robotic Navigation and Exploration

2 2/24 Kinematic Model and Path Tracking Control Lab 1
* Control System Basics
* PID Control
* Basic Kinematic Model
* Differential Drive Vehicle
* Pure Pursuit Control

* Kinematic Bicycle Model

=
3 3/3 Motion Planning Lab 2
* Motion Planning Introduction
* Path Planning
* Curve Interpolation
* Trajectory Planning
* Path Planning

4 3/10 Reinforcement Learning (1)
* MDP
* Value Function
* Bellman Equation
* Reinforcement Learning

23



3/17

X
N
D

7 3/31

4/7

4/14

4/21

N 4/28

5/5

Reinforcement Learning (I1)
* Q-Learning / Sarsa / DQN

* Policy Gradient / Actor-Critic

Project Environment Building (1) Lab3
Project Environment Building (1) Lab4
Project Environment Building (III) Lab5

SLAM Back-end (1)
* State Estimation and SLAM Problem
* Probability Theory and Bayes Filter

* Kalman Filter / Extended Kalman Filter

SLAM Back-end (II)
* Graph based Optimization

* Graph Optimization for 2D SLAM (Bundle
Adjustment)

3D SLAM (1)
* Feature Descriptor
* Multi-view Geometry

* Lie Group & Lie Algebra

3D SLAM (II)
* 3D SLAM: ORB-SLAM

* Direct Method

24



* DNN-based SLAM

5/12 3D Embodied Agent

5/19 Paper Presentation (I)

5/26 Paper Presentation (l1)

6/2 Project Presentation & Demo
A ES T

® 1E%:60% (15% for each HW)
@ A XHEEHS(10%)
® EEEHAEBREENF EERSE - DBEHRSF): 30%

AR T 22K

@ EZBELEFCIEBPythoni2zEE  EREE - REEE -
® 2L AEBEGPUR R ZENK -

O ARBRARFERIMEMR  RBERFERABREBZER -

# - R EFMA O IR AR E B EES

25
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